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Session Abstract: Much has been said about GenAI in marketing, but most work focuses on 

how consumers react to simple AI disclosure or on the role of AI literacy. This session instead 

examines consumer co-creation with GenAI: what drives trust and willingness to engage, how 

self-investment reshapes perceived privacy value, how benefit framing influences responses, 

and where along the customer journey GenAI is most welcome. Four papers in a transatlantic 

collaboration address these questions. 

Paper 1: Toward More Effective AI Disclosure in Advertising explores how beneficiary 

framing can soften the typically negative reaction to AI-disclosed ads. Building on 

beneficiary-linked framing and social distance research, it proposes a structured approach that 

goes beyond transparency to articulate credible motives. Pretests and experiments using 

realistic social media ads compare consumer-, company-, and society-focused explanations, 

and test moderators such as visual focus, message tone, and individual differences in AI 

beliefs and experience. 

Paper 2: Drivers of AI Trust challenges the view that AI literacy alone explains marketing 

professionals’ use of GenAI tools. Survey data from Germany, the UK, and the US show that 

organizational position, perceived career risk, and psychological safety are equally important. 

Role characteristics including autonomy and decision power are shown to moderate the 

literacy-usage relationship, with implications for training and AI governance. 

Paper 3: Artificial Intelligence in the Customer Journey from a Holistic Perspective 

responds to fragmented AI research by proposing an integrative framework spanning all 

journey stages. It distinguishes “sweet spots” where AI reliably creates mutual value, “hot 

spots” where powerful tools risk manipulation or autonomy loss, and “white spots” where 

applications remain underdeveloped, offering guidance for both systems-level research and 

managerial practice. 

Paper 4: Co-creating Privacy Value revisits the assumption that more data disclosure to AI 

necessarily erodes privacy value. Using surveys and experiments, it shows how interactive 

GenAI can transform data sharing from a necessary evil into a vehicle for self-expansion and 

co-creation. Greater self-investment in GenAI interactions increases psychological ownership 

of outputs and perceived benefits, offsetting heightened privacy risks and informing the 

design of AI tools and privacy regulation in collaborative AI contexts. 
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Toward more effective AI disclosure in advertising: The role of beneficiary framing and 

consumer characteristics 

Timo Schreiner (Nuremberg Institute for Market Decisions (NIM)) *, Yakov Bart 

(Northeastern University), Koen Pauwels (Northeastern University), and Fabian Buder 

(Nuremberg Institute for Market Decisions (NIM)) 

 

Since the public emergence and widespread adoption of ChatGPT in late 2022, 

generative artificial intelligence (GenAI) has become a cornerstone technology with far-

reaching implications for consumers’ everyday and professional lives (Teubner et al., 2023). 

In marketing, GenAI is increasingly used in various practices ranging from product 

development, to conducting market research with synthetic respondents, customer service 

chatbots, and – most widespread – generating marketing content such as advertisements, 

product descriptions, or social-media content (Grewal et al., 2025; Lowe et al., 2025). 

Although research shows that AI-generated ads can match or even outperform human-

created ones across consumer perceptions, attitudes, engagement intentions, and click-through 

behavior when AI authorship is not made salient, AI-generated advertisements (Hartmann et 

al., 2025; Heitmann et al., 2025), both research and real-world campaigns demonstrate that 

AI-generated marketing content can backfire when perceived as inauthentic or misleading. 

Coca-Cola’s continued reliance on AI-generated Christmas ads in 2025 illustrates this risk: it 

triggered strong public backlash due to uncanny visuals and concerns about AI replacing 

human creatives (Di Placido, 2025). In research, a robust empirical pattern of negative 

consumer responses to AI-generated marketing content consistently emerges: disclosing that 

advertising content was created by AI reliably decreases consumer responses across product 

categories and media formats. This negative “AI-disclosure effect” has been attributed to 

several psychological mechanisms: (1) reduced perceived authenticity and human effort 

(Brüns & Meißner, 2024; Lee & Kim, 2024; To et al., 2025), (2) aversive affective reactions 

especially in emotional and prosocial contexts (Arango et al., 2023; Kirk & Givi, 2025), and 

(3) activation of persuasion knowledge, prompting inferences of manipulative or 

inappropriate persuasive intent (Koning & Voorveld, 2025; Wortel et al., 2024). 

Attempts to refine disclosure formats (Brüns & Meißner, 2024; De Cicco et al., 2025; 

Kirk & Givi, 2025; Narayanan, 2025) have shown only limited success: Hybrid, purpose-

driven, or effort-signaling labels (e.g., “human-authored & AI-edited”) can attenuate negative 

reactions but do not restore responses to no-disclosure levels. 
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What currently is missing is an integrated, theoretically grounded approach for 

explaining why AI is used that goes beyond mere transparency to articulate credible and 

meaningful motives. To address this gap, the present research introduces beneficiary framing 

– explaining why AI is used and who benefits. This approach builds on several streams of 

literature: (1 research on beneficiary-linked framing in consumer decision-making, showing 

that specifying a beneficiary shapes how consumers categorize and evaluate offers and can 

increase morally justified choices (Fisher et al., 2023; Moes et al., 2022); (2) work on social 

distance in corporate social responsibility (CSR) campaigns, indicating that socially proximal 

groups (e.g., employees or local communities) are often more persuasive than distant, abstract 

targets (Schreiner & Baier, 2021; Wiebe et al., 2017); and (3) research on algorithmic 

transparency in recommender systems, showing that specific, well-calibrated explanations can 

enhance perceived transparency and trust (Tintarev & Masthoff, 2012). 

To examine how beneficiary framing shapes consumer responses to AI-disclosed 

advertising, an initial online pre-test (between subjects across four ad contexts) tested 12 

disclosure statements (within subjects) varying in beneficiary (consumer, company, 

other/society) and explanation depth (short vs. long) against a non-explanatory baseline 

(“Created with AI”). Preliminary findings show that (1) explanatory rationales generally 

improve evaluations of AI-disclosure statements, especially long versions; (2) most long 

explanations outperform short ones; (3) contextual differences emerge; and (4) respondents 

often still identify the company as the main beneficiary, consistent with the intuition that 

advertising ultimately serves firm interests. 

Building on these insights, subsequent experiments using realistic social-media ads 

test whether selected beneficiary framings can mitigate, neutralize, or reverse negative 

disclosure effects compared to a no-label or human-authored baseline. These studies also 

examine key communication-design moderators such as the visual focus (presence versus 

absence of humans) and the message tone and incorporate consumer beliefs about AI and 

psychographic characteristics to account for heterogeneous responses. 

This research advances the literature by moving beyond documenting negative AI-

authorship effects toward identifying mechanisms and boundary conditions under which such 

effects can be attenuated or even reversed. In line with recent calls (e.g., Hartmann et al., 

2025), it offers a more refined understanding of heterogeneous consumer responses to AI-

generated advertising and addresses a central challenge for marketing practice: how to comply 

with mandatory AI-disclosure requirements without sacrificing advertising effectiveness. 
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Drivers of AI trust: beyond AI literacy 

Fabian Buder (Nuremberg Institute for Market Decisions (NIM)), and Koen Pauwels 

(Northeastern University) * 

 

While recent research demonstrates that AI literacy reduces AI receptivity (Tully et al, 2025), 

trust in and willingness to use AI is driven by a more complex constellation of factors. Our 

study investigates the drivers of AI trust and usage in marketing contexts, challenging 

conventional assumptions about who adopts AI and why. 

We propose that AI trust and usage decisions are shaped not only by knowledge but by 

organizational position, perceived career risk, and psychological safety. Senior marketing 

professionals may overuse AI relative to its appropriate applications because their 

organizational tenure insulates them from reputational consequences, while junior 

employees—despite greater technical comfort—exercise more caution due to career 

vulnerability. This dynamic contradicts lay intuitions that younger, digitally native workers 

naturally gravitate toward AI tools. Building on organizational behavior literature regarding 

psychological safety and career concerns, we theorize that the relationship between AI 

literacy and usage is moderated by hierarchical position, autonomy, decision-making power, 

and perceived job security. Furthermore, we examine how these usage patterns vary across 

marketing task types, from strategic planning to routine content creation, and across 

individual characteristics including risk tolerance, time pressure, and training access. 

To test these propositions, we conduct a comprehensive survey of marketing professionals 

across Germany, the UK, and the US, working in B2C contexts at companies with 100+ 

employees. The survey measures AI knowledge through both self-reported assessments and 

objective literacy tests, captures actual usage patterns across 13 specific marketing activities 

(from data analysis to video creation), and examines organizational context including 

leadership commitment, training availability, and regulatory awareness. Critically, we 

measure role characteristics that theory suggests should moderate the literacy-usage 

relationship: hierarchical position, autonomy, access timing relative to peers, output visibility, 

and psychological safety. We also collect lay predictions about usage patterns to test whether 

marketing professionals correctly anticipate the drivers of AI adoption among their 

colleagues. Our findings reveal substantial heterogeneity in AI usage that AI literacy alone 

cannot explain, with senior-level marketers reporting higher usage frequencies despite similar 
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or lower objective literacy scores. AI trust and adoption are influenced by role characteristics 

such as autonomy, decision power, and reduced dependence on others' approval. Contrary to 

lay expectations, older, more senior professionals report heavier AI reliance, while junior staff 

express greater concern about risks and compliance. This pattern holds across creative tasks 

where AI might threaten authenticity (content creation, campaign planning) and analytical 

tasks where AI augments human capabilities (data analysis, strategic decision support). 

This research advances marketing practice and theory in several ways. First, it demonstrates 

that AI literacy represents a necessary but insufficient condition for effective AI adoption in 

marketing organizations. Second, it reveals a critical misalignment between lay intuitions and 

actual usage patterns, with implications for training programs, resource allocation, and change 

management strategies. Organizations investing heavily in AI literacy initiatives may fail to 

address deeper organizational and psychological barriers that determine whether knowledge 

translates into appropriate usage. Third, by documenting systematic overuse among senior 

professionals and excessive caution among junior staff, we identify a potential source of 

organizational inefficiency and risk. Finally, we provide practical guidance for firms 

navigating AI adoption: effective implementation requires not only skill development but also 

organizational design that balances innovation encouragement with appropriate governance, 

particularly for employees at different career stages and hierarchical levels. 

 

Artificial Intelligence in the Customer Journey from a Holistic Perspective: Sweet Spots, 

Hot Spots, and White Spots 

Marcus Schögel (University of St. Gallen) *, Laura-Eve Grellmann (University of St. 

Gallen), Dennis Herhausen (Freije Universiteit Amsterdam), Timo Schreiner (Nuremberg 

Institute for Market Decisions (NIM)), and Fabian Buder (Nuremberg Institute for Market 

Decisions (NIM)) 

 

AI is transforming customer–company interactions with a speed and intensity 

unmatched by previous waves of digital innovation. Whereas earlier technologies provided 

automation or enhanced targeting capabilities, contemporary AI—including machine learning, 

conversational agents, and generative AI—reshapes how, when, and why interactions occur 

across the entire Customer Journey. These systems enable firms to deliver hyper-
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personalized, context-sensitive, and increasingly autonomous experiences at scale, offering 

substantial opportunities for value creation but also raise concerns related to transparency, 

fairness, autonomy, and customer trust (Aguirre et al., 2015; Castelo et al., 2019; Martin & 

Murphy, 2017). 

Despite this transformative potential, academic research on AI in marketing remains 

fragmented. Much of the literature focuses on specific applications such as recommender 

systems (Adomavicius & Tuzhilin, 2005), personalized advertising (Bleier & Eisenbeiss, 

2015), dynamic pricing (Chen, Li & Sun, 2021), or automated decision support (Dietvorst, 

Simmons & Massey, 2015). While these contributions provide depth, they rarely consider 

how these systems collectively shape Customer Experience (CX) across multiple journey 

stages. In contrast, contemporary CX research stresses that customer perceptions arise 

through interconnected touchpoints that unfold over time (Lemon & Verhoef, 2016; 

Kranzbühler et al., 2018; McColl-Kennedy et al., 2019). This indicates a fundamental 

misalignment between the siloed nature of much AI research and the inherently systemic 

nature of customer journeys. 

This research addresses this gap by proposing a holistic, dual-perspective framework 

for analysing the role and impact of AI across the Customer Journey. Building on established 

CX and service research foundations (Becker & Jaakkola, 2020; Verhoef et al., 2021), it 

introduces a differentiated structure of sweet spots, hot spots, and white spots to identify 

where AI interventions create customer and firm value, where they introduce friction or risk, 

and where significant potential remains unrealized. The framework provides an integrative 

lens for theorizing AI in marketing not as a single technology, but as a cross-cutting 

phenomenon embedded in broader sociotechnical systems. 

The first major contribution is the synthesis of multiple research streams into a 

coherent journey-based perspective. AI systems now influence every stage—from need 

recognition and information search to usage and service recovery. However, AI’s impact 

cannot be fully understood by examining isolated touchpoints. Holistic CX models (Lemon & 

Verhoef, 2016; Becker & Jaakkola, 2020) emphasize that customers interpret interactions not 

individually but cumulatively as part of a broader relational process. The proposed framework 

thus integrates AI across pre-purchase, purchase, and post-purchase stages, illustrating how 

value emerges from the sequencing and coherence of AI-enabled touchpoints. This responds 

directly to calls for more systems-level theorizing in marketing (Shankar et al., 2021) and 

provides conceptual scaffolding for future empirical investigations. 
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A second key contribution is the integration of customer and firm perspectives into a 

single conceptual model. This dual-perspective approach reconciles diverging priorities by 

showing how AI-driven interactions generate value only when both sides benefit. 

Personalization may increase conversion but backfire if perceived as overly intrusive (Bleier 

& Eisenbeiss, 2015; Aguirre et al., 2015). Chatbots improve efficiency but reduce customer 

satisfaction in high-empathy contexts (Gnewuch et al., 2017). Algorithmic decision-making 

enhances consistency but triggers resistance when outputs seem unfair or opaque (Castelo et 

al., 2019; Longoni, Bonezzi & Morewedge, 2019). By examining these tensions across 

journey stages, the framework highlights the need for organizations to balance customer 

experience, transparency, and operational efficiency when deploying AI systems. 

The third contribution is a novel classification that maps where AI creates value, 

where its risks are concentrated, and where substantial opportunity remains: 

(1) Sweet spots: Touchpoints at which AI consistently creates value for both 

customers and firms. Examples include predictive service (Huang & Rust, 2021) and 

personalized product discovery (Bleier & Eisenbeiss, 2015); (2) Hot spots: Areas where AI is 

powerful but prone to negative outcomes such as perceived manipulation, unfairness, or loss 

of autonomy (Aguirre et al., 2015; Martin & Murphy, 2017). Dynamic pricing (Chen et al., 

2021) and opaque personalization often fall into this category; (3) White spots: 

Underdeveloped areas with substantial future potential—such as AI-enabled co-creation, 

emotion-sensitive journey design, or post-consumption learning loops (McColl-Kennedy et 

al., 2019). 

This structure highlights overlooked layers of AI-driven experience formation and 

offers a roadmap for organizational and scholarly prioritization. It clarifies where AI 

enhances, undermines, or complicates the Customer Journey, directly informing debates 

around transparency, fairness, autonomy, and trust in AI-enabled marketing. 

 

Co-creating Privacy Value: Individuals’ Self-investment in GenAI Data Disclosure 

Johanna Zimmermann (University of Cologne), Jan H. Schumann (University of Passau), 

Yakov Bart (Northeastern University) *, and Koen Pauwels (Northeastern University) 

While marketing research has primarily focused on how firms violate individual 

privacy through data collection via AI technologies (Puntoni et al., 2021; Quach et al., 2022), 

millions of individuals use GenAI in their daily lives, thereby disclosing large amounts of 
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data about themselves and their environments. Prior privacy research suggests such self-

disclosure should increase privacy risk perception, resulting in predominantly negative 

consequences for privacy value. However, building on co-creation and customization 

literature, we suggest that the inherently interactive nature of GenAI may counterbalance 

negative effects by transforming data disclosure from a "necessary evil" to a powerful tool for 

co-creation, self-expression, and self-expansion. Individuals directly invest themselves in 

GenAI by inputting data, making them integral co-creators of outputs. This self-investment 

through personal data disclosure generates immediate, tangible value through AI-generated 

solutions, creative expressions, and enhanced capabilities. In line with research on 

psychological ownership, we further argue that this active participation fosters a sense of 

ownership over the outcomes, fundamentally altering the privacy calculus. When individuals 

perceive their data as fuel for personal growth and creative expression rather than mere 

corporate extraction, they may experience enhanced privacy value despite increased 

disclosure, as the benefits of self-actualization and co-created utility outweigh traditional 

privacy risks in their subjective evaluation. 

In this paper, we aim to test this theory of how individuals’ self-investment in 

interactions with generative AI tools affects their privacy value perceptions, delineate the 

underlying mechanism, and identify factors that increase individual self-investment in 

interactions with generative AI tools while preserving their privacy. To this end, our multi-

method approach including (qualitative) surveys and experiments. In Study 1, with 

participants recruited from Prolific, we find that participants report the highest value of 

perceived self-investment in GenAI data disclosure compared to other forms of data 

disclosure (i.e., active, passive, hybrid; Zimmermann et al., 2024), even when such disclosure 

is not required. Our qualitative insights from Study 2 provide rich examples of individuals’ 

personal experiences with GenAI tools (e.g., usage behaviors, purposes, and outputs) and 

support the initial assumption that GenAI data disclosure represents a context of high self-

investment, in which individuals actively contribute to shaping their experiences and co-

creating their desired outputs (Arora et al., 2024; Celiktutan et al., 2024). In this study, we 

further find that self-investment positively influences privacy value perceptions and delineate 

the underlying process: as individuals invest more of their “self” in a co-creation process with 

GenAI, this self-investment enhances individuals' perceived ownership of the outputs as these 

contain parts of the individual’s self (Klesse et al., 2019). This psychological ownership has 

benefit-enhancing effects (Morewedge et al., 2021), which ultimately positively impact 
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perceptions of privacy value. However, because the reported interactions are not highly data-

intensive, Study 3, a scenario-based experiment, tests this mechanism across low and high 

data-intensity contexts. Study 4 replicates and extends the findings in a controlled lab setting.  

Finally, in order to identify factors that may positively drive self-investment in GenAI data 

disclosure processes, we are conducted a field study with a German firm offering AI literacy 

trainings. We find that increasing AI literacy through these trainings will help individuals 

invest more effectively in GenAI data disclosure processes, leading to increased ownership 

perceptions of the output and ultimately greater perceived privacy value evaluations.  

With our research, we extend privacy literature by showing that individuals' self-

investment in the process (i.e., increased self-disclosure) can have positive effects on their 

privacy value perceptions. We delineate the underlying process and find that this effect 

depends on individuals' perceptions of the output of the GenAI data disclosure. From a 

practical perspective, we help firms understand how they could implement generative AI tools 

in their customer- or employee-facing processes in a way that allows and encourages 

individuals to invest themselves, so that both parties benefit from the input (i.e., data as a 

valuable resource for companies) and the output (i.e., the desired output for individuals). 

Finally, we inform policymakers about the importance of enacting regulations that preserve 

the privacy of individuals as they (irrationally) disclose large amounts of personal data in their 

interactions with generative AI tools. 

  



 
 

11 
 

Joint alphabetical list of bibliographic references 

Adomavicius, G., & Tuzhilin, A. (2005). Toward the Next Generation of Recommender Systems: A Survey of 
the State-of-the-Art and Possible Extensions. IEEE Transactions on Knowledge and Data Engineering, 17(6), 
734–749. 

Aguirre, E., Mahr, D., Grewal, D., de Ruyter, K., & Wetzels, M. (2015). Unraveling the Personalization 
Paradox. Journal of Retailing, 91(1), 34–49. 

Ansari, A., & Mela, C. F. (2003). E-Customization. Journal of Marketing Research, 40(2), 131–145. 

Arango, L., Singaraju, S. P., & Niininen, O. (2023). Consumer Responses to AI-Generated Charitable Giving 
Ads. Journal of Advertising, 52(4), 486–503. https://doi.org/10.1080/00913367.2023.2183285. 

Arora, N., Chakraborty, I., & Nishimura, Y. (2024). EXPRESS: AI-Human Hybrids for Marketing Research: 
Leveraging LLMs as Collaborators. Journal of Marketing, Article 00222429241276529. Advance online 
publication. https://doi.org/10.1177/00222429241276529 

Becker, L., & Jaakkola, E. (2020). Customer experience: Conceptual domain, core themes, and future directions. 
Journal of the Academy of Marketing Science, 48(4), 630–648. 

Bellis, E. de, & Venkataramani Johar, G. (2020). Autonomous Shopping Systems: Identifying and Overcoming 
Barriers to Consumer Adoption. Journal of Retailing, 96(1), 74–87. https://doi.org/10.1016/j.jretai.2019.12.004. 

Bleier, A., & Eisenbeiss, M. (2015). Personalized Online Advertising Effectiveness. Journal of Marketing, 79(1), 
102–119. 

Brüns, J. D., & Meißner, M. (2024). Do you create your content yourself? Using generative artificial intelligence 
for social media content creation diminishes perceived brand authenticity. Journal of Retailing and Consumer 
Services, 79, 103790. https://doi.org/10.1016/j.jretconser.2024.103790 

Castelo, N., Bos, M., & Lehmann, D. (2019). Consumer Perceptions of AI versus Human Advice. Journal of 
Consumer Research, 46(4), 636–651. 

Celiktutan, B., Klesse, A.‑K., & Tuk, M. A. (2024). Acceptability lies in the eye of the beholder: Self-other 
biases in GenAI collaborations. International Journal of Research in Marketing, 41(3), 496–512. 
https://doi.org/10.1016/j.ijresmar.2024.05.006. 

Chen, Y., Li, J., & Sun, B. (2021). Dynamic Pricing with Machine Learning. Management Science, 67(10), 
6270–6288. 

Dinev, T., Xu, H., Smith, J. H., & Hart, P. (2013). Information privacy and correlates: an empirical attempt to 
bridge and distinguish privacy-related concepts. European Journal of Information Systems, 22(3), 295–316. 
https://doi.org/10.1057/ejis.2012.23. 

De Cicco, R., Francioni, B., Curina, I., & Cioppi, M. (2025). AI, human or a blend? How the educational content 
creator influences consumer engagement and brand-related outcomes. Journal of Services Marketing, 39(10), 
52–70. https://doi.org/10.1108/JSM-10-2024-0539. 

Dietvorst, B. J., Simmons, J. P., & Massey, C. (2015). Algorithm Aversion. Journal of Experimental 
Psychology: General, 144(1), 114–126. 

Di Placido, D. (2025, November 4). Coca-Cola Sparks Backlash With AI-Generated Christmas Ad, Again. 
https://www.forbes.com/sites/danidiplacido/2025/11/04/coca-cola-sparks-backlash-with-ai-generated-christmas-
ad-again/. 

Fisher, G., McGranaghan, M., Liaukonyte, J., & Wilbur, K. C. (2023). Price promotions, beneficiary framing, 
and mental accounting. Quantitative Marketing and Economics, 21(2), 147–181. https://doi.org/10.1007/s11129-
023-09261-0. 

Franke, N., Schreier, M., & Kaiser, U. (2010). The “I Designed It Myself” Effect in Mass Customization. 
Management Science, 56(1), 125–140. https://doi.org/10.1287/mnsc.1090.1077. 

Gnewuch, U., Morana, S., & Maedche, A. (2017). Towards Designing Conversational Agents. ICIS Proceedings. 

Grewal, D., Satornino, C. B., Davenport, T., & Guha, A. (2025). How generative AI Is shaping the future of 
marketing. Journal of the Academy of Marketing Science, 53(3), 702–722. https://doi.org/10.1007/s11747-024-
01064-3. 



 
 

12 
 

Hartmann, J., Exner, Y., & Domdey, S. (2025). The power of generative marketing: Can generative AI create 
superhuman visual marketing content? International Journal of Research in Marketing, 42(1), 13–
31.https://doi.org/10.1016/j.ijresmar.2024.09.00. 

Heitmann, M., Jansen, T. P. J., Reisenbichler, M., & Schweidel, D. A. (2025). EXPRESS: Picture Perfect: 
Engaging Customers with Visual Generative AI. Journal of Marketing, 00222429251356993. 
https://doi.org/10.1177/0022242925135699. 

Huang, M.-H., & Rust, R. T. (2021). A Strategic Framework for AI in Marketing. Journal of the Academy of 
Marketing Science, 49, 30–50. 

Kaptein, M., Eckles, D., & Davis, J. (2015). Persuasion Profiling. Communications of the ACM, 58(7), 35–39. 

Kirk, C. P., & Givi, J. (2025). The AI-authorship effect: Understanding authenticity, moral disgust, and 
consumer responses to AI-generated marketing communications. Journal of Business Research, 186, 114984. 
https://doi.org/10.1016/j.jbusres.2024.114984. 

Klesse, A.‑K., Cornil, Y., Dahl, D. W., & Gros, N. (2019). The Secret Ingredient Is Me: Customization Prompts 
Self-Image-Consistent Product Perceptions. Journal of Marketing Research, 56(5), 879–893. 
https://doi.org/10.1177/0022243719846063. 

Koning, B., & Voorveld, H. A. M. (2025). Disclaimer! This Content Is AI-Generated: How AI-Disclosures 
Influence Trust in Advertisements and Organizations. Journal of Interactive Advertising, 1–14. 
https://doi.org/10.1080/15252019.2025.2554149. 

Kranzbühler, A., Kleijnen, M. H., Morgan, R. E., & Teerling, M. (2018). Mapping Customer Journeys. Journal 
of Service Research, 21(3), 223–239. 

Lee, G., & Kim, H.-Y. (2024). Human vs. AI: The battle for authenticity in fashion design and consumer 
response. Journal of Retailing and Consumer Services, 77, 103690. 
https://doi.org/10.1016/j.jretconser.2023.103690. 

Lemon, K. N., & Verhoef, P. C. (2016). Understanding Customer Experience. Journal of Marketing, 80(6), 69–
96. 

Logg, J. M., Minson, J. A., & Moore, D. A. (2019). Algorithm Appreciation. Organizational Behavior and 
Human Decision Processes, 151, 90–103. 

Longoni, C., Bonezzi, A., & Morewedge, C. (2019). Resistance to Medical Artificial Intelligence. Journal of 
Consumer Research, 46(4), 629–650. 

Lowe, B., Laffey, D., & Luo, Y. (Eddie). (2025). Advertising and Generative AI: How Can Advertisers 
Leverage New AI Tools? Introducing a Special Issue on Generative AI in Advertising. Journal of Advertising 
Research, 65(2), 146–149. https://doi.org/10.1080/00218499.2025.2494973. 

Martin, K., & Murphy, P. (2017). The Role of Privacy in Marketing. Journal of Public Policy & Marketing, 
36(2), 240–254. 

Melzner, J., Bonezzi, A., & Meyvis, T. (2023). Information Disclosure in the Era of Voice Technology. Journal 
of Marketing, 87(4), 491–509. https://doi.org/10.1177/00222429221138286. 

McColl-Kennedy, J. R., et al. (2019). Customer Experience Management. Journal of Service Research, 22(4), 
430–455. 

Moes, A., Fransen, M., Verhagen, T., & Fennis, B. (2022). A good reason to buy: Justification drives the effect 
of advertising frames on impulsive socially responsible buying. Psychology & Marketing, 39(12), 2260–2272. 
https://doi.org/10.1002/mar.21733. 

Morewedge, C. K., Monga, A., Palmatier, R. W., Shu, S. B., & Small, D. A. (2021). Evolution of Consumption: 
A Psychological Ownership Framework. Journal of Marketing, 85(1), 196–218. 
https://doi.org/10.1177/0022242920957007. 

Narayanan, P. (2025). Against the Green Schema: How Gen‐AI Negatively Impacts Green Influencer Posts. 
Psychology & Marketing, 42(4), 970–986. https://doi.org/10.1002/mar.22159. 

Norton, M. I., Mochon, D., & Ariely, D. (2012). The IKEA effect: When labor leads to love. Journal of 
Consumer Psychology, 22(3), 453–460. https://doi.org/10.1016/j.jcps.2011.08.002. 

Puntoni, S., Reczek, R. W., Giesler, M., & Botti, S. (2021). Consumers and Artificial Intelligence: An 
Experiential Perspective. Journal of Marketing, 85(1), 131–151. https://doi.org/10.1177/0022242920953847. 



 
 

13 
 

Quach, S., Thaichon, P., Martin, K. D., Weaven, S., & Palmatier, R. W. (2022). Digital technologies: Tensions 
in privacy and data. Journal of the Academy of Marketing Science, 50(6), 1299–1323. 
https://doi.org/10.1007/s11747-022-00845-y. 

Schögel, M., & Herhausen, D. (2024). Customer Experience Navigator. University of St. Gallen. 

Schreiner, T., & Baier, D. (2021). Online retailing during the COVID-19 pandemic: Consumer preferences for 
marketing actions with consumer self-benefits versus other-benefit components. Journal of Marketing 
Management, 37(17–18), 1866–1902. https://doi.org/10.1080/0267257X.2022.2030784. 

Shankar, V., et al. (2021). Harnessing AI in Marketing. Journal of the Academy of Marketing Science, 49(4), 
817–843. 

Statista Research Department. (2024). Nutzer von KI-Tools weltweit von 2020 bis 2030. 
https://de.statista.com/prognosen/1469771/nutzer-von-ki-tools-weltweit. 

Teubner, T., Flath, C. M., Weinhardt, C., Van Der Aalst, W., & Hinz, O. (2023). Welcome to the Era of 
ChatGPT et al.: The Prospects of Large Language Models. Business & Information Systems Engineering, 65(2), 
95–101. https://doi.org/10.1007/s12599-023-00795-x. 

Tintarev, N., & Masthoff, J. (2012). Evaluating the effectiveness of explanations for recommender systems: 
Methodological issues and empirical studies on the impact of personalization. User Modeling and User-Adapted 
Interaction, 22(4–5), 399–439. https://doi.org/10.1007/s11257-011-9117-5. 

To, R. N., Wu, Y.-C., Kianian, P., & Zhang, Z. (2025). When AI Doesn’t Sell Prada: Why Using AI-Generated 
Advertisements Backfires for Luxury Brands. Journal of Advertising Research, 65(2), 202–236. 
https://doi.org/10.1080/00218499.2025.2454120. 

Tully, S. M., Longoni, C., & Appel, G. (2025). Lower artificial intelligence literacy predicts greater AI 
receptivity. Journal of Marketing, 00222429251314491. 

Uysal, E., Alavi, S., & Bezençon, V. (2022). Trojan horse or useful helper? A relationship perspective on 
artificial intelligence assistants with humanlike features. Journal of the Academy of Marketing Science, 50(6), 
1153–1175. https://doi.org/10.1007/s11747-022-00856-9. 

Verhoef, P. C., et al. (2021). Digital Transformation and Marketing Management. Journal of Service 
Management, 32(2), 203–237. 

Wiebe, J., Basil, D. Z., & Runté, M. (2017). Psychological distance and perceived consumer effectiveness in a 
cause-related marketing context. International Review on Public and Nonprofit Marketing, 14(2), 197–215. 
https://doi.org/10.1007/s12208-016-0170-y. 

Wirtz, J., et al. (2018). Service Robots in Service Delivery. Journal of Service Research, 21(2), 3–29. 

Wortel, C., Vanwesenbeeck, I., & Tomas, F. (2024). Made with Artificial Intelligence: The Effect of Artificial 
Intelligence Disclosures in Instagram Advertisements on Consumer Attitudes. Emerging Media, 2(3), 547–570. 
https://doi.org/10.1177/27523543241292096. 

Xu, H., Crossler, R. E., & Bélanger, F. (2012). A Value Sensitive Design Investigation of Privacy Enhancing 
Tools in Web Browsers. Decision Support Systems, 54(1), 424–433. https://doi.org/10.1016/j.dss.2012.06.003. 

Xu, H., Luo, X., Carroll, J. M., & Rosson, M. B. (2011). The personalization privacy paradox: An exploratory 
study of decision making process for location-aware marketing. Decision Support Systems, 51(1), 42–52. 
https://doi.org/10.1016/j.dss.2010.11.017. 

Zimmermann, J., Martin, K. D., Schumann, J. H., & Widjaja, T. (2024). Consumers’ multistage data control in 
technology-mediated environments. International Journal of Research in Marketing, 41(1), 56–76. 
https://doi.org/10.1016/j.ijresmar.2023.09.004. 

 

 

 


